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The need for validation: failed surrogates
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Objective

To extend bivariate random-effects meta-analysis to 

estimate trial-level surrogate relationships in a 

specified biomarker subgroup while incorporating 

data from trials conducted in alternative biomarker 

populations
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Discussion and Conclusions

- When conducting surrogacy analysis for regulatory approval or health 

technology assessment the patient population (specified by agency) may be 

limited to a biomarker subgroup. 

- When trials are conducted in mixed populations, this can make it challenging to 

evaluate surrogacy relationships within biomarker sub-populations.

- The new method allows for utilising all available trial data to evaluate surrogacy 

within a biomarker group of interest. 

- Simulation study confirmed improvement in precision of surrogacy parameters 

for extended model compared to standard model.

- Limitations: 

- Requires data from subgroup analysis for some studies 

- Simulation suggests increasing bias as systematic difference increases
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